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INTRODUCTION

In this digital era, online shopping has become a large trading activity to buy products.
Customers are also getting smarter to choose the items they wish to purchase through ratings
and reviews. Product ratings indicate the quality of the products. High-rated products are
more likely to be trusted and purchased by customers. Ratings, when combined with reviews,
have a powerful effect on purchase decisions (Gao, 2023). Customers tend to trust reviews
from verified purchasers and those that offer detailed, balanced opinions (Qin & Zeng, 2023).
There are two well-known methods used by the customers to evaluate products online,
namely through numerical star ratings and written reviews. Star ratings deliver a measurable
overview of consumer satisfaction, whereas written reviews furnish deeper insights into user
experiences, emotions, expectations, and social dynamics (Gupta et al.,, 2010; Lopez &
Garza, 2022). Collectively, these two modalities cultivate consumer trust, affect purchasing
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behavior, and enhance brand reputation in manners that frequently surpass the efficacy of
conventional advertising (Park et al., 2021; Sharma, 2023).

Online reviews of products indicate an interesting discourse of customers to evaluate
publicly. Reviewers do not simply provide objective information; they actively make
meaning within a social context by balancing honesty with politeness, criticism with fairness,
and emotion with credibility (Lopez & Garza, 2022; Thomas & Weyerer, 2019).
Consequently, the connection between the linguistic sentiment of a text and its numerical
rating is not always linear. Reviews often contain positive statements combined with average
ratings, or critical comments softened by high scores. In consumer behavior research,
sentiment-rating inconsistency is increasingly recognized not as a user error, but as a
deliberate communicative practice driven by impression management and digital cultural
norms (Chang et al., 2020; Schneider et al., 2026).

To understand why these inconsistencies happen, we need to examine online customer
discussions through digital pragmatics and politeness theory. From a pragmatic view,
evaluating a product publicly is a complex social act (Dong et al., 2022). According to
politeness theory, criticism has the potential to undermine both the reputation of the brand
and the public image of the reviewer (Yoon, 2020). Even when reviewers are anonymous,
they often reduce these threatening situations by using positive politeness strategies (Brown
& Levinson, 2006), like being indirect, vague, or using praise-criticism sandwiches. This
approach usually leads to a milder numerical rating that contrasts with a very critical written
review.

Furthermore, from a digital pragmatics perspective, evaluative language is used to
convey attitude, intensity, and engagement (Abierto & Fortanet-gomez, 2022). Reviewers do
not evaluate products in positive or negative values. They rather strategically amplify or
soften their emotion as a form of impression management. These theoretical viewpoints
indicate that the relationship between text and rating is scalar and interactionally negotiated
(Meuleman et al., 2019; Ziser et al., 2023). Therefore, sentiment-rating inconsistencies
demonstrate how reviewers strategically utilize evaluative language to navigate the demands
of product assessment and social politeness in an enduring digital environment.

Although computational sentiment analysis has made significant progress in identifying
positive and negative language in reviews, there has been limited focus on how textual
sentiment corresponds with or differs from the numerical ratings assigned by reviewers
(Khedkar, 2018; Raghunathan & Kandasamy, 2023). Statistical analyses can efficiently
quantify positive or negative lexicon, they provide limited insight into the pragmatic intent,
such as cultural modesty, social accountability, or politeness strategies that drives these rating
choices. In particular, few studies have explored this relationship from a qualitative discourse
perspective, examining how reviewers construct evaluation through both language and rating
choices (Kashiha, 2023; Ziser et al., 2023). Automated sentiment analysis systems still face
challenges in dealing with subtle linguistic features like irony, understatement, and hedging
(Liu & Mahmud, 2021). Consequently, linguistically nuanced evaluations are frequently
misclassified or oversimplified when sentiment is processed into positive-negative
relationship. There is a continuing need for comprehensive qualitative research that
concentrates on the social significance, pragmatic purpose, and language used in online
customer reviews.

This research examines English language IKEA furniture reviews to investigate how
reviewers conduct their evaluation within a commercial context that intertwines product
evaluation, emotional expression, and politeness. IKEA serves as an ideal context for this
research because furniture products uniquely blend practical function ( usability and
durability) with luxurious value (comfort and home identity), eliciting a broad and complex
scope of evaluative feedback. The platform attracts a large, diverse customers base and uses a
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1-5 star rating system, making it a rich environment for examining the linguistic evaluation.
The novelty of this study lies in its application of Reflexive Thematic Analysis (RTA) to
interpret the pragmatic face-work and impression management strategies within these
reviews, shifting the focus from computational error to human communicative strategy.

Although previous studies have explored sentiment analysis computationally, few have
examined how linguistic choices shape alignment or mismatch between sentiment and rating
from an interpretive, qualitative perspective. This research offers pragmatic contribution by
analyzing sentiment-rating relationships through RTA. Therefore, this research addresses the
following research questions: How do reviewers linguistically construct alignment between
textual sentiment and numerical star ratings in online product reviews?; What linguistic and
pragmatic patterns characterize cases of sentiment-rating inconsistency? And How do these
patterns contribute to understanding evaluative meaning in online review discourse?

RESEARCH METHOD
Research Design

This research employs a qualitative-dominant method design. Reflexive Thematic
Analysis (RTA) by (Braun & Clarke, 2023) serves as the primary qualitative analytical
technique, supported by a supplementary descriptive quantitative overview. The descriptive
statistics (frequency counts of consistency categories) function to map the general landscape
of the data and contextualize the prevalence of alignment patterns. The qualitative RTA then
enables a deep analysis of the linguistic and pragmatic choices driving these patterns. This
research considers language as a social construct that is motivated by pragmatic factors.
Sentiment viewed not treated as an objective property of the text, but rather as a result of
social interaction driven by linguistic elements such as politeness markers, contrastive
structures and irony. The researchers adopt a reflective role, examining how these linguistic
features contribute to the alignment/consistency or misalignment/inconsistency between
written sentiment and star ratings.

Data Source and Corpus Description

Because this research analyzes public digital discourse rather than human subjects, the
dataset consists of a corpus of online consumer reviews. The raw dataset included 7726
publicly available reviews for three best-selling IKEA furniture products, specifically white
MICKE desk, MARKUS Office chair, and BRIMNES bed frame, retrieved from the official
IKEA Australia website. These specific product categories were selected because they are
best-sellers generate high-volume, diverse consumer interactions, providing a rich linguistic
corpus that balances utilitarian function with hedonic home identity. From this larger
population, a final corpus of 120 reviews was selected using a stratified purposive sampling
strategy (Patton, 2002). The inclusion criteria required reviews to have both a star rating (1-5)
and a written comment in English. The exclusion criteria removed blank ratings, duplicate
entries, and irrelevant spam. The selection of exactly 120 reviews was justified to ensure
balanced representation across all three product types and all five rating levels. Specifically,
40 reviews were selected per product category. Within each product’s subset, exactly 8
reviews were selected for each of the five star-rating levels (1-star to 5-star). This exact
distribution ensured equal representation across the satisfaction spectrum, while keeping the
dataset at a manageable size for deep, manual qualitative analysis until thematic saturation
was reached.

Research Instruments

The researchers acted as the primary instrument of data analysis, supported by four
specific tools to ensure consistency throughout the analytical process. First, a coding
framework and guidelines were used as a set of criteria to identify and label evaluative
language, contrastive markers, politeness strategies, and emotional expressions within the
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text. Second, a sentiment-rating classification rubric was applied to establish operational
guidelines for categorizing reviews into one of four alignment types: consistent, partially
consistent, inconsistent, or neutral. Third, a thematic analysis protocol based on Braun and
Clarke’s (2023) six-phase reflexive thematic analysis framework was employed to guide the
systematic progression from raw data to finalized themes. Fourth, a reflexive journal was
used as a continuous memoing tool to document interpretive shifts, recognize subjective
biases, such as cultural interpretations of politeness, and record decision-making processes
when coding ambiguous language, including irony and sincere praise.

Data Collection Techniques

Data retrieval was conducted manually from the official IKEA Australia platform in
December 2025 to March 2026, covering reviews published from 2023 to 2026. Each review
was extracted and copied into a secure, encrypted dataset file. Ethical guidelines for internet-
mediated research were strictly followed: because the data was publicly available, informed
consent was not required, but all data was thoroughly anonymized. Usernames and any
potentially identifiable personal information were removed prior to analysis. The dataset was
then systematically condensed to prepare for coding. The data condensation process involved
filtering out reviews that contained typographical errors, doubled punctuations and simple
emojis. The finalized corpus was then organized by product type and star rating.

Data Analysis Technique

Data analysis was conducted in two distinct but complementary stages: Descriptive
Classification and Reflexive Thematic Analysis (RTA). First, the entire subset of 120 reviews
underwent preliminary coding to identify patterns of sentiment-rating consistency. Using the
classification rubric, each review was labeled based on the relationship between its text and
its numerical score:

Table 1
Scoring Criteria of sentiment-rating Alignment
Consistent Textual sentiment strongly matches the star rating.
Partially Consistent Text and rating generally align, but the tone is softened or
mitigated.
Inconsistent Direct divergence between the linguistic sentiment and the
numerical rating.
Neutral/Mixed Minimal evaluative information or factual brevity.

This stage provided a descriptive statistical overview (proportions and counts) of the
alignment patterns and allowed researchers to select representative examples for deeper
qualitative investigation.

The secon stage is reflexive thematic analysis (RTA). It was employed to interpret the
pragmatic intentions that created gaps between the written review texts and their numerical
ratings. This stage moved beyond identifying whether the sentiment of a review aligned with
its rating and focused instead on understanding how reviewers constructed meaning through
language. Guided by Braun and Clarke’s (2023) six-phase RTA framework, the analysis
began with a process of familiarization. The researchers repeatedly read the corpus to gain a
close understanding of the reviews, paying attention to tone, word choice, structural markers,
and the ways evaluative expressions corresponded with or diverged from the assigned ratings.
During this phase, initial impressions were recorded, particularly when a review appeared
positive in wording but was paired with a low rating, or when a seemingly critical review was
accompanied by a relatively high score.

After becoming familiar with the data, the researchers generated initial codes by
systematically labeling relevant segments of the review texts. Both semantic and latent
meanings were considered in this process. Semantic codes captured explicit evaluative
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expressions, such as direct praise, complaints, satisfaction, disappointment, or neutral
descriptions. Latent codes focused on deeper pragmatic meanings, including politeness
strategies, implicit dissatisfaction, understated approval, emotional intensity, and the use of
contrastive markers such as “but,” “however,” and similar linguistic cues. Particular attention
was given to how reviewers softened criticism, emphasized emotional responses, or shifted
from praise to complaint within the same review. This coding process enabled the researchers
to identify not only what reviewers said, but also how they framed their judgments in relation
to the ratings they provided.

The next stage involved searching for broader themes by clustering related codes into
meaningful pragmatic patterns. At this point, the researchers examined how reviewers
constructed evaluations that were either consistent or inconsistent with their numerical
ratings. Reflexive memoing through the reflexive journal played an important role during this
phase. The researchers used the journal to reflect critically on how their own cultural
assumptions, especially regarding politeness, indirect criticism, and acceptable forms of
dissatisfaction, might influence the interpretation of the data. This reflexive process helped
ensure that theme development remained grounded in the reviewers’ actual language rather
than being shaped solely by the researchers’ prior assumptions.

The candidate themes were then reviewed against the coded extracts and the entire
dataset to ensure that they accurately represented the linguistic realities of the reviews. This
phase required careful comparison between individual review segments and the emerging
thematic structure. The researchers examined whether each theme was supported by
sufficient evidence and whether the boundaries between themes were clear. The reflexive
journal was again used to document interpretive decisions, especially in cases where the
meaning of a review was ambiguous. For example, some expressions required closer
examination to determine whether they reflected subtle irony, genuine praise, polite
dissatisfaction, or a neutral comment with limited emotional content.

After the review process, the researchers defined and named the final themes by
identifying their distinctive linguistic and pragmatic features. Four themes were finalized:
Polite Dissatisfaction, Understated Positivity, Expressive Dissatisfaction, and Low-
Information Reviews. Each theme represented a different way in which reviewers negotiated
the relationship between textual sentiment and numerical rating. Polite Dissatisfaction
captured reviews that used softened or indirect language to express negative experiences.
Understated Positivity referred to reviews that conveyed satisfaction in a restrained or modest
manner. Expressive Dissatisfaction represented reviews with strong negative emotional
expression, while Low-Information Reviews described brief or vague responses that provided
limited evaluative detail.

The final stage involved producing the report by synthesizing the themes into a
coherent interpretation of the findings. In this phase, the researchers integrated the analytical
results with notes from the reflexive journal to explain how online consumer culture shaped
the ways reviewers expressed satisfaction, dissatisfaction, politeness, and emotional
judgment. The report did not simply present themes as isolated categories, but interpreted
them as evidence of broader pragmatic practices in digital review writing. Through this
process, the analysis revealed how consumers use language strategically to balance honesty,
politeness, emotional expression, and rating behavior in online review contexts.

RESEARCH FINDINGS AND DISCUSSION
Research Findings

This research analyzed 120 IKEA online reviews to investigate the linguistic patterns of
sentiment-rating alignment. The results indicate that while a majority of reviews exhibit a
direct correlation between evaluative lexis and numeric scores, a significant subset
demonstrates pragmatic inconsistency. Notably, 1-star reviews showed the highest stability
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(strong negative alignment), while 4-star reviews emerged as the primary site of sentiment-
rating mismatch. Rather than reflecting general consumer behavior, these findings illustrate
how reviewers utilize specific linguistic strategies, such as hedging, superlative lexis, and
contrast markers, to negotiate the gap between their textual experience and the platform’s
numeric constraints. Overall, the descriptive overview shows that 4-star reviews contain the
highest proportion of sentiment-rating inconsistencies, while 1-star reviews indicate the
strongest alignment between textual sentiment and rating. From the 120 reviews analyzed,
four major evaluative patterns emerged.

Table 2
Linguistic Patterns of Alignment in the IKEA Corpus
Consistency Type Examples Interpretation
Consistent “perfect desk” 5 stars Strong alignment between
“Good quality and size, fits.” 4 stars positive lexical evaluation

“The chair itself is alright, but the wheels don’t and rating
turn well.” 3 stars

“Not worth it. Very heavy product, quality not

very good.” 2 stars

“difficult to assemble...” 1 star

Partially “Suitable for the job.Not a bad desk. Pretty easy to Negative tone matches
put together once all the pieces are sorted.” 5 stars  low rating but softened
““The drawer units are good although narrow.” 4 tone prevents it from
stars being harsher
“Perfect for my needs” 3 stars
““Junk furniture that serves its purpose.” 2 stars

Inconsistent “Good product.” 5 stars Strong positive language
“Excellent!” 4 stars but not maximum rating
“Perfect for my needs.” 3 stars
“The draws are so good for the chidren run nice
too, shelving great not too high.” 2 stars

Neutral/Mixed “good” 5 stars Minimal evaluative
“had this desk before.” 3 stars information
“Wiggly.” 1 stars

Table 2 presents the linguistic patterns of alignment between textual review content and
star ratings in the IKEA corpus. The table shows that consumer reviews do not always
express evaluation in a direct or fully predictable way. In the consistent category, the
language used in the review generally corresponds closely with the assigned rating. Reviews
such as “perfect desk” with a five-star rating and “Good quality and size, fits” with a four-star
rating demonstrate clear positive evaluations that match high ratings. Likewise, more critical
comments such as “Not worth it. Very heavy product, quality not very good” and “difficult to
assemble” are aligned with low ratings. This pattern suggests that in consistent reviews, the
lexical choices, emotional tone, and rating value support one another, making the reviewer’s
overall judgment easy to interpret.

The partially consistent category shows a more complex relationship between language
and rating. In these reviews, the textual evaluation and rating are generally related, but the
tone is moderated by hedging, qualification, or mixed assessment. For example, the review
“Suitable for the job. Not a bad desk. Pretty easy to put together once all the pieces are
sorted” is paired with a five-star rating, although the phrase “not a bad desk™ expresses
approval in a restrained rather than strongly enthusiastic way. Similarly, “The drawer units
are good although narrow” contains both positive and negative elements, indicating that the
reviewer recognizes the product’s usefulness while also noting a limitation. This pattern
suggests that some consumers use moderate or softened language even when giving relatively
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high or low ratings, possibly because they want to provide a balanced evaluation rather than
an absolute judgment.

The inconsistent category indicates a mismatch between the sentiment of the written
text and the numerical rating. Several examples contain strongly positive language, such as
“Good product,” “Excellent!,” and “Perfect for my needs,” but they are not always paired
with the highest possible rating. The most striking example is the positive review “The draws
are so good for the children run nice too, shelving great not too high,” which is paired with
only two stars. This suggests that the written review alone may not fully explain the
reviewer’s rating behavior. The inconsistency may result from missing contextual
information, unmentioned product issues, misunderstanding of the rating scale, accidental
rating selection, or cultural and pragmatic differences in how consumers express satisfaction.
Therefore, inconsistent reviews require deeper interpretation because the surface-level
sentiment does not fully correspond to the rating.

The neutral or mixed category consists of reviews with minimal evaluative information,
making the relationship between text and rating more difficult to interpret. Short comments
such as “good,” “had this desk before,” and “Wiggly” provide limited linguistic evidence
about the reviewer’s full experience. Although “good” appears positive and “Wiggly”
appears negative, these expressions are too brief to reveal the reasoning behind the rating.
The phrase “had this desk before” is especially neutral because it describes prior ownership
without clearly expressing satisfaction or dissatisfaction. This pattern shows that some
reviewers use very brief comments that depend heavily on the star rating to communicate
evaluation. As a result, neutral or low-information reviews are less useful for understanding
the specific reasons behind consumer satisfaction or dissatisfaction.

The table demonstrates that alignment between review text and star ratings varies
across the IKEA corpus. Some reviews show direct consistency, where positive or negative
language clearly matches the rating. Others reveal partial consistency, where reviewers
combine praise and criticism or use softened expressions. Inconsistent reviews show that
positive language does not always lead to maximum ratings, suggesting that rating behavior
may be influenced by factors not explicitly stated in the text. Meanwhile, neutral or mixed
reviews highlight the limitations of brief review texts for sentiment interpretation. These
findings indicate that analyzing online reviews requires attention not only to rating scores but
also to linguistic features such as evaluative words, contrastive markers, emotional tone,
politeness, and the amount of information provided.

Discussion

The underlying meaning of the findings indicates that the relationship between written
evaluation and numerical star ratings is not a simple mirror image. In online review
platforms, the star rating may appear to provide a clear and efficient summary of consumer
satisfaction, but the written review often reveals a more layered and negotiable form of
evaluation. Instead of functioning as a direct repetition of the rating, review texts frequently
expand, qualify, soften, or even contradict the numerical score. This shows that online
reviews operate as complex evaluative discourse in which numbers and language serve
complementary, yet sometimes divergent, communicative purposes. A five-star rating may
signal general satisfaction, but the accompanying text may still contain reservations.
Similarly, a lower rating may be accompanied by polite or moderate wording that reduces the
emotional harshness of the evaluation. Therefore, sentiment-rating inconsistency reveals that
human consumer experience is multi-dimensional and cannot be fully compressed into a rigid
1-to-5 rating scale without a loss of nuance (Lopez & Garza, 2022; Sachdeva & Mcauley,
2026).

A critical takeaway from this study is that reviewers are not merely rating a product;
they are also performing a social identity. When consumers write public reviews, they are
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aware, implicitly or explicitly, that their words are visible to other potential buyers and to the
brand community. As a result, they often position themselves as reasonable, fair, and credible
evaluators. The use of contrastive markers such as “but” and “however” indicates that
reviewers do not always present a one-sided opinion. Instead, they often balance praise with
criticism or criticism with acknowledgment of some positive qualities. Likewise, mitigated
language such as “not very good,” “could be better,” or “not perfect” allows reviewers to
express dissatisfaction without sounding overly emotional or unfair. This suggests that
reviewers strive to appear as objective and rational actors rather than impulsive consumers.
By acknowledging both strengths and weaknesses, reviewers build ethos and credibility
within the IKEA community (Thomas & Weyerer, 2019). In this sense, ratings are socially
negotiated judgments rather than purely spontaneous emotional reactions.

This phenomenon is closely related to politeness and evaluation. The Polite
Dissatisfaction pattern found in the two-star reviews reveals a significant use of politeness
strategies to save face. According to Brown and Levinson’s politeness theory, a public
complaint can be understood as a face-threatening act because it has the potential to damage
the image of both the reviewer and the product provider. The reviewer risks appearing rude,
unreasonable, or excessively demanding, while the company is publicly criticized. To
manage this tension, reviewers often use softened expressions to communicate dissatisfaction
in a socially acceptable way. Phrases such as “could be better” or “not perfect” reduce the
directness of criticism and allow the reviewer to express a negative judgment without
appearing aggressive. This strategy is especially important in public digital spaces where
consumer comments are not private complaints but visible contributions to a wider
community conversation. Through polite dissatisfaction, reviewers maintain their image as
balanced consumers while still communicating disappointment (Baker & Hashimoto, 2024).

In contrast, the Understated Positivity observed in four-star reviews functions as a site
of pragmatic modesty and impression management. These reviews often contain highly
positive language, such as “excellent,” “perfect for my needs,” or “great,” but the reviewer
does not assign the maximum five-star rating. At first glance, this may appear inconsistent
because the linguistic evaluation seems stronger than the numerical score. However, this
pattern can be interpreted as a form of evaluative restraint. In online discussion, reviewers
frequently adjust their language to soften or enhance their emotional expression depending on
how they want to be perceived by others (Abierto & Fortanet-gomez, 2022). By using highly
positive words while withholding the highest rating, reviewers may communicate that they
are satisfied but still maintain strict evaluative standards. This scalar grading approach
suggests that the reviewer reserves a perfect score for products that are not only useful or
satisfying but flawless. In doing so, the reviewer presents themselves as careful, discerning,
and credible rather than easily impressed (Meuleman et al., 2019).

These findings suggest that a numerical average may not always provide a reliable
indicator of customer satisfaction. In many digital marketplaces, consumers and companies
rely heavily on average ratings to evaluate product quality. However, this study shows that a
four-star rating may not necessarily indicate moderate satisfaction or a minor deficiency. In
some cases, it may represent an almost perfect experience filtered through the reviewer’s
desire to appear selective or balanced. Similarly, a three-star rating may not always represent
neutrality, because the accompanying text may contain strong praise, strong criticism, or a
mixture of both. Therefore, interpretation should prioritize the linguistic evidence contained
in review texts rather than relying exclusively on numerical scores. The written component
can reveal hesitation, politeness, irony, restraint, disappointment, or hidden satisfaction that
the rating alone cannot capture. This is particularly important for businesses that use ratings
to make product decisions, because the average score may obscure the actual reasons behind
consumer evaluation.
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Placing this study within previous literature, the findings reinforce Liu et al. (2022),
who suggested that extreme ratings, particularly one-star and five-star reviews, tend to show
the highest sentiment alignment because they are usually driven by strong affective intensity.
Consumers who give one star often express clear dissatisfaction, frustration, or anger, while
those who give five stars often communicate clear approval and satisfaction. The present
findings support this pattern by showing that reviews at both ends of the scale are more likely
to display stronger alignment between language and rating. However, this study also departs
from Gupta et al. (2010) by showing that the three-star middle ground is often not neutral in a
strict evaluative sense. Instead, it may represent functional brevity, mixed judgment,
uncertainty, or conflicting experiences. In other words, the middle rating does not
automatically indicate balanced neutrality. Aligning with Ruytenbeek and Decock (2024),
this research argues that sentiment-rating mismatches are not merely data errors or noise, but
intentional linguistic strategies that reflect how reviewers manage meaning in public review
spaces.

To improve future qualitative sentiment analysis, researchers must account for
pragmatic nuance. Sentiment analysis should not treat words such as “good,” “excellent,”
“but,” or “however” as having fixed meanings across all rating contexts. The function of a
contrast marker depends on where it appears, what it contrasts, and how it relates to the star
rating. For instance, the contrast marker “but” in a four-star review may carry a lower
negative value because it often introduces a minor reservation after an otherwise positive
evaluation. In contrast, “but” in a two-star review may function as part of a face-saving
strategy, where the reviewer softens dissatisfaction by acknowledging a small positive aspect
before expressing a stronger criticism (Atteveldt & Velden, 2022). This means that
algorithms must be trained to weigh evaluative constraints, rating contexts, and discourse
patterns rather than simply detecting isolated sentiment words. A four-star rating may
actually signal a five-star experience filtered through a reviewer’s desire to appear discerning,
while a polite two-star review may conceal strong dissatisfaction behind moderated language.

Future research should expand the IKEA corpus to include broader and more varied
contexts. Cross-platform analysis would be valuable because review behavior may differ
across product types, brands, and service environments. For example, IKEA furniture reviews
could be compared with reviews of luxury brands, hotels, restaurants, or digital services to
examine whether politeness norms and rating practices change across consumer domains.
Cross-cultural pragmatics should also be explored, especially to investigate whether
Understated Positivity is more common in certain varieties of English or cultural contexts,
such as British English compared with American English. Cultural expectations surrounding
modesty, politeness, complaint behavior, and praise may influence how reviewers align or
misalign language and rating. Product category analysis is also important because high-cost
or high-effort items may trigger more expressive dissatisfaction than low-cost items.
Furniture that requires assembly, for instance, may generate more emotionally loaded reviews
because the consumer experience includes not only purchase but also delivery, effort,
usability, and durability.

The core contribution of this manuscript is the establishment of a nuanced framework
that redefines sentiment-rating alignment as a deliberate communicative act. Rather than
treating review texts as simple explanations of star ratings, this study shows that written
evaluations perform additional pragmatic work. One-star reviews may provide a platform for
Affective Alignment, where strong negative emotion and low numerical rating reinforce each
other. Four-star reviews, meanwhile, may serve as a platform for Evaluative Constraints,
where reviewers communicate satisfaction while withholding perfection as a sign of high
standards. By analyzing 120 IKEA reviews, this research provides a framework for
understanding how consumers navigate the gap between subjective experience and the rigid
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numerical constraints of a platform. Ultimately, written text does not simply support ratings;
it often corrects, qualifies, or adds detail to those ratings. This suggests that to truly
understand the customer’s voice, the word “but” in a review may be just as important as the
numerical star attached to it.

CONCLUSION

This study concludes that sentiment-rating alignment in online consumer reviews is a
complex pragmatic phenomenon rather than a simple correspondence between written
evaluation and numerical score. The analysis of the IKEA review corpus shows that
consumers use written language not only to explain their ratings, but also to negotiate
meaning, manage social identity, and position themselves as credible evaluators within a
public digital space. Consistent reviews demonstrate clear alignment between evaluative
language and star ratings, particularly at the extreme ends of the scale, where satisfaction or
dissatisfaction is expressed more directly. However, partially consistent, inconsistent, and
neutral reviews reveal that numerical ratings often fail to capture the full range of consumer
experience. Expressions of praise, complaint, hesitation, politeness, irony, and contrastive
evaluation can either reinforce or complicate the meaning of a rating. Therefore, star ratings
should not be interpreted as independent or complete indicators of customer satisfaction. The
written review remains essential because it provides the linguistic and pragmatic context
needed to understand why consumers evaluate a product in a particular way.

The findings also highlight the importance of pragmatic interpretation in both
qualitative review analysis and automated sentiment analysis. Patterns such as Polite
Dissatisfaction, Understated Positivity, Expressive Dissatisfaction, and Low-Information
Reviews show that consumers strategically use language to balance honesty, politeness,
emotional expression, and public self-presentation. A four-star review may reflect a highly
positive experience filtered through evaluative restraint, while a two-star review may express
dissatisfaction in softened language to avoid sounding overly harsh. Similarly, a three-star
review may not represent true neutrality, but rather ambiguity, brevity, or conflicting
evaluations. These findings suggest that future research and sentiment-analysis models
should move beyond surface-level word polarity and consider discourse markers, rating
context, politeness strategies, and pragmatic intention. In practical terms, companies should
read consumer reviews as layered communicative acts, not merely as numerical feedback. By
paying attention to both the rating and the language that accompanies it, businesses,
researchers, and platform designers can gain a more accurate understanding of the customer’s
voice.
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